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SOTA — Object Detection

50

48

42

AP

40

38

36

34

32

30

MS COCO Object Detection

EfficientDet (D0-~D4) real-time
YOLOv4 (ours)
—&—YOLOv4 (ours)
—8—YOLOv3 [63]
—=—EfficientDet [77]
—0—ATSS [94]
YOLOvV3
—— ASFF* [48]
CenterMask* [40]
10 30 50 70 920 110 130
FPS (V100)

YOLOv4: Optimal Speed and Accuracy of Object Detection
[Submitted on 23 Apr 2020]

MS COCO Object Detection

60

55 P7 - 1536x1536
12201220 _3.7% fimes faster (and more accurate)
1408
P5 - 896x896 1380

& | yolovx-mish - = =95143._1280
0
= 640x640 @ 1024

_ ~%®s96- 102

‘///B;: - 1586

D7 - 1536

yolov4-csp 640x640

yolov4-csp AT
By Sz €, /-
S129 coa/ #549- 640 —e—Scaled-YOLOv4
ac8 ¥ P58
@ 5495 - 640 —e— EfficientDet [32]
40 > ¥640
- ® - SpineNet [5]
YOLOv4 [1]
35 512 . =
YOLOv3 [27]
- -PP-YOLO [20]
30

0 20 40 60 80 100 120 140 160
V100 batch 1 latency (ms)

Scaled-YOLOv4: Scaling Cross Stage Partial Network
[Submitted on 16 Nov 2020 (v1), last revised 22 Feb 2021 (this version, v2)]


https://arxiv.org/abs/2011.08036v1
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Datasets

Open Images Dataset v6 Ozfish
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Tracking

SiamMask/SiamRPN

A\ 4

Cosine Metric Learning
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DeepSort

transfronterizo de ciencias marinasy pesqueras (POCTEP 0622-KTTSEADRONES-5-E)

Conocimiento y transferencia de tecnologia sobre vehiculos aéreos y acuaticos para el desarrollo




) lnterreg @ /&
Epna Dotg'"' @

Conocimiento y transferencia de tecnologia sobre vehiculos aéreos y acuaticos para el desarrollo

transfronterizo de ciencias marinasy pesqueras (POCTEP 0622-KTTSEADRONES-5-E)

Ricardo J. M Veiga
Detecdo de Pelxes em Ambientes Sub-aquaticos

Faro, 19 de margo de 2021

KTT Seabrones

= Trabalho Futuro

Treinar o tracking com o Cosine Metric Learning

Extrair novo dataset com tracking integrado

Validacao do dataset com ground-truth

Implementacao de algoritmos de classificacao

Criacao de método de estimacao de comprimento e peso
Integracao e deployment no Google Coral em Real-Time

Extra: Isolamento do background para treino continuo
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